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Table 12.2 Comparing Small Data and Big Data

Small data Big data
Goal Usually designed to answer a Usually designed with a goal in mind, but
specific question or serve a the goal is flexible and the questions are
particular goal protean
Location Typically contained within one Typically spread throughout electronic
institution, often on one computer, | space, typically parceled onto multiple
sometimes in one file Internet servers, located anywhere on earth
Data Ordinarily contains highly structured | Must be capable of absorbing unstructured
structure and | data. The data domain is restricted data (e.g., free text documents, images,
content to a single discipline or motion pictures, sound recordings, physical

subdiscipline. The data often come
in the form of uniform records in an
ordered spreadsheet.

objects). The subject matter of the resource
may cross multiple disciplines, and the
individual data objects in the resource may
link to data contained in other, seemingly
unrelated, big data resources.
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LESS TRHAN 0,001 % OF THE 1,900,000 WORDS USED
ADRESSED CYBER, DIGSITAL, WEB AND RELATED

IOPICS,

THAT WAS IN 2012...............
changing a bit.

The INTEVAL GROUP WITH KAROL OLEJNICAK, /é
PETERSSON, JONATHAN BREUL AND SEVERAL OTHERS IS
DETERMINED TO HELP CHANGE THE SCENE



FOUR IMPORTANT CONTRIBUTIONS OF BIG
DAIA FOR EVALUATION]

. Big Data can help to

2. Big data
and scan //// ontexts (eg
culture grganizations,
socieli€s which surrounds the
implementation of policies
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TRENDS MUCH MOK
TRADITIONAL DATA COLLECTION CAN




Number of Dutch company bankruptcies per month

Start global financial crisis
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Data to evaluatiot
society and big data strongly
stimulate doing Randomized /////

Controlled Trials ( Experimenta

Evaluations)



Overlapping Experiment Infrastructure:
More, Better, Faster Experimentation
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Figure 2: Exponential growth in experimentation over Online Controlled Experlments at Large Scale
Ron Kohavi, Alex Deng, Brian Frasca, Toby Walker, Ya Xu, Nils Pohimann

time. (Prior to 2012, Bing shut down most experiments Mo, One Mitset I, Redond. WA 6057
the last two weeks of ])ecember_) {ronnyk, alexdeng, brianfra, towalker, yaxu, nilsp}@microsoft.com




Controlled Online Experiments:
What They Are and How to Do
Them

Bachelor’'s Thesis
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A FEW OTHER OPPORTUNITIES:

REMIXING MIXED DATA

SOCIAL MEDIA SUREY APPS



The TaSST: Tactile Sleeve for Social Touch

Gijs Huisman® Aduén Darriba Frederiks' Betsy Van Dijk* Dirk Heylen®
University of Twente Amsterdam University of University of Twente University of Twente
Human Media Interaction Applied Sciences Human Media Interaction Human Media Interaction
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Sensor Manial!

Sensor compartmens:

Output layer

Figure 1: The TaSST. The input layer is attached to the top of the
output layer using Veilcro.
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Exhibir 1
Evolution of data-driven decision making

Analytics: Degree of sophistication
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